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Abstract

With the energy sector being one of the largest sources of global greenhouse-
gas emissions, a swift change in the ways of energy generation and consumption
is needed for a fulfilment of climate goals. But while the existence of global
warming and the resulting need for action are widely agreed upon, there is a lot
of discussion around the concrete measures and their timeline. A major cause of
this discussion is that of uncertainty, both with regard to possible outcomes, as
well as to a multitude of factors such as future technology innovation (concerning
both availability and costs), and final energy demands, but also socio-economic
factors such as employment or sufficiency. This paper aims to give valuable
insights into this uncertainty by applying the method of exploratory sensitivity
analysis to an application of the Global Energy System Model (GENeSYS-MOD)
for the German energy system. By computing over 1500 sensitivities across 11
core parameters, the key influential factors for the German Energiewende can be
quantified, and possible chances, such as so-called no-regret options, as well as
potentials barriers (if assumptions are not met) can be distilled. Results show
that final energy demand developments, renewable potentials and costs, as well
as carbon pricing are among the main drivers of the analyzed energy pathways.
It would thus be highly beneficial for policy makers to focus on these key issues
to ensure a timely transformation of the energy system and reach set climate
targets.
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1. Introduction

To combat the adverse effects of climate change, a large-scale transformation
of the ways we generate and consume energy has to be undergone. These widely
agreed upon measures are needed in order to limit global warming to below 2
degrees Celsius, the threshold set in the historic Paris Agreement. Germany, as
the largest economy of Europe, has portrayed itself as very committed to climate
issues, with the German Energiewende being a major factor in German politics
for the last decade.1

However, while the existence of global warming, its adverse effects on the
environment, and general measures of greenhouse gas emission reductions are
widely accepted, the concrete steps on the pathway towards these goals is
heavily debated, both in policy, and academia [3, 4]. A major part of this
discussion is that of uncertainty, both with regard to possible outcomes, as well
as to a multitude of factors such as future technology innovation (concerning
both availability and costs), and final energy demands, but also socio-economic
factors such as employment or sufficiency. While quantitative models can give
meaningful insights into future developments, an actual realistic prediction of
the future is impossible. As George Box [5] famously put it: "All models are
wrong, but some are useful". It is thus the job of quantitative modeling to
inform decision makers about possible outcomes and necessary steps to reach
set goals, especially considering factors such as path dependencies. Only with
well-informed decisions, the extremely ambitious goals to limit global warming
can reasonably be achieved, since they require immediate action, focused on
long-term goals instead of short-term near-future gains. To achieve this, modelers
spend an extensive amount of time researching historic parameter values, and
constructing future scenarios using assumptions on the development of said
parameters. One can therefore reasonably assume that model results themselves
carry a large portion of uncertainty, albeit often being portrayed as singular,
infallible results.

This paper aims to give valuable insights into this uncertainty by applying
the method of exploratory sensitivity analysis to an application of the Global
Energy System Model (GENeSYS-MOD) for the German energy system. By
computing over 1500 sensitivities across 11 core parameters, the key influential
factors for the German Energiewende can be quantified, and possible chances,
such as so-called no-regret options, as well as potentials barriers (if assumptions
are not met) can be distilled. While this paper presents an application specific to
the German case, the general methodology and model changes can be universally

1Energiewende describes the German term for energy transition and is widely used within
research, policy, and media, also outside of German-speaking countries [1]. The term has been
used since the 1970s and got well-known for Germanys early pushes towards renewable energies
[2].
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applied to other regions as well. Also, with Germany being the largest economy
in Europe and the fifth-largest in the world (both in terms of gross-domestic
product (GDP)), the German Energiewende has been followed closely across
the globe. Germany therefore has a great responsibility to ensure that global
climate goals are met. Also, seeing as this paper also highlights the main drivers
of cost-optimizing energy system models, many of the generated insights can be
translated to other model applications as well.

1.1. Literature review
In general, the transformation of an energy system towards renewable energy

sources has been analyzed in various studies for differing regional scopes. Hereby,
quantitative energy system models have been used in a variety of ways to generate
implications of transformation pathways for policy- and decision makers. Overall,
several studies are available looking at possible transformation pathways for the
global energy system [6, 7, 8, 9]. In this regard, the importance of swift and
consequent actions, combined with long-term planning taking potential effects of
sector coupling, are highlighted. Similarly, a plethora of studies are analyzing the
region of Europe specifically. Primarily, the future need for renewable energies in
a low carbon transformation of Europe is analyzed, with the possibility of 100%
renewable power generation or a complete decarbonization of the whole energy
system until 2040/2050 set as a focus for some case-studies [10, 11, 12, 13]. In
this regard, the necessities and implications of European wide grid-extension for
a low-carbon energy system transformation is being discussed frequently [14, 15].
Furthermore, Gerbaulet et al. [16] and Löffler et al. [17] asses and discuss the
problem of stranding assets in the fossil fueled power generation when moving
away from conventional power generation. This stranded assets problem might
lead to substantial economical loss of wealth, if not considered in long-term
planning. While many studies often only analyze the power sector, Connolly
et al. [18] and Hainsch et al. [12] promote the importance of sector-coupling and
its positive effects of the transformation of the European energy system.

Similarly, sector-coupling is also deemed an important factor for the energy
transition in Germany, as especially coupling the transportation and heating
sectors with the power sector results in different implications for energy system
transformation pathways [19, 20, 21]. As sector-coupling largely increases the
power demand for future energy systems and often outpaces energy efficiency
gains and demand reduction, large investments into renewable energy sources are
necessary to comply to ambitious climate targets, as presented by Bartholdsen
et al. [22]. For Germany, power generation from offshore wind farms is projected
to become a crucial part of the future power system as large cost decreases are
projected and offshore wind power generally has high load-factors for a variable
renewable energy source [23, 24, 25]. As such, it is able to substitute medium-load
fossil fueled power plants [26]. With increasing shares of variable renewable energy
sources, the importance of large-scale energy storage deployment needed for a
successful energy transition in Germany is also assessed by certain case-studies
[27, 28, 29]. Also the topic of net-zero emissions and the transition towards
100% renewables is discussed for Germany in various studies [30, 31, 32]. For
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reaching the German climate targets, a decline of fossil fueled power generation
is required, the economic, social, and ecological and implications of phasing out
the existing coal-based power generation is being discussed by Heinrichs and
Markewitz [33] and Oei et al. [34].

In general, the complexity of energy system models is currently rising due to
the inclusion of higher temporal and regional detail, sector-coupling, and adding
further techno-economic detail [35]. The challenge of complexity is often handled
by creating more flexible models in terms of spatial and temporal resolution
[36]. However, even with the previously rising complexity, uncertainty in energy
system planning is often neglected in energy system models, although it is widely
accepted that uncertainty is a key issue for energy models [37, 38]. In this regard,
several methods of analysing uncertain elements in energy system planning
could be used: stochastic programming, Monte-Carlo simulations, or robust
programming. A further way of handling uncertainty is a systematic sensitivity
analysis, as mentioned by Iyengar and Greenhouse [39] and Ferretti et al. [40].
By reducing the complexity of the original problem it is possible to perform
rigorous uncertainty and sensitivity analyses [41]. This allows for probing the
decision space and to generate valuable insights for policy- and decision-makers
about energy system transformation pathways [42].

Overall, all of the previously mentioned studies tackling the German energy
transition neglect the importance of uncertainty for energy system planning.
Furthermore, no other research is available that investigates the barriers and
opportunities for the German energy transition with a systematic sensitivity
analysis. Moreover, the impact of sector coupling is often neglected in studies
only assessing the power sector. In this regards, we propose the application of
a systematic sensitivity analysis to evaluate possible chances and barriers for
Germany’s low-carbon energy transition using the multi-sectoral Global Energy
System Model (GENeSYS-MOD).

The remainder of the paper is structured as follows: the upcoming section
gives an overview over the status quo of the German energy system. Section 2 will
briefly describe the utilized model before introducing the methodology and chosen
sensitivities. The results of the explorative sensitivity analysis are showcased in
Section 3, and Section 4 presents the conclusions and recommendations.

1.2. Status quo of Germany’s Energiewende
Germany’s efforts to achieving climate protection and efficiency have a

long-running record, as it is committed to several multilateral and unilateral
goals [43, 44, 45, 46]. Especially the climate protection law enacted in 2019
(Klimaschutzgesetz) is meant to be one of the cornerstones of climate protection
ambitions, being the first instance of a law which defines sectoral climate goals
with greenhouse gas (GHG) reduction targets for the sectors transportation,
energy, industry, buildings, agriculture, and waste. This includes the goal to
reduce GHGs until 2030 by at least 55% compared to 1990 [46] and to reach
climate neutrality by 2050 [47]. Measures to reach these targets include phasing
out electricity production from coal power plants by 2035-2038 [48] as well as the
introduction of an additional Carbon dioxide (CO2) price for the heating and
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transportation sectors which are not yet included in the EU Emissions Trading
System (ETS) [49].

With respect to the progress of the German energy transition (Energiewende),
the early achievements of rapid deployment of wind and solar energy have slowed
down over the last years. In the case of wind energy, between 2014 and 2017
a new annual capacity of 4609 GW could be observed on average, while the
two succeeding years don’t reach that number combined [50]. Solar PV on the
other hand had its peak in new installations around the years 2012-2013 with
a heavy dip afterwards, but the numbers are increasing again since 2017 at a
steady rate [51]. Yet, despite these developments, renewable energy sources
accounted for more than 50% of the total electricity production in 2020 [52]
and even though this is partially caused by the global COVID-19 pandemic and
resulting demand reductions, it can be seen as an encouraging step towards a
decarbonized electricity system.

As for the other sectors, the picture is less encouraging. According to the
Federal Ministry for Economic Affairs and Energy [53], space heating and warm
water made up for almost one third of the total energy consumption in 2017,
yet since 2012 the share of renewable energies for space heating application only
increased by 2% with most of the energy coming from biomass [54]. In the
industry sector, energy consumption increased between 2008 and 2017, with no
notable change of the share of renewable energies [53]. Lastly, the transportation
sector shows increasing energy consumption since 2009 [53], while at the same
time emitting 22% more emissions than in 1995 [55].

Taking into account all sectors, overall GHG emissions were reduced by 34.3%
between 1990 and 2019 [56]. In the last year, 2020, emissions could even be
reduced by as much as 45% according to estimates of the Agora Energiewende
thinktank [57], a reduction that would mean the 2020 intermediate target of a
40% reduction compared to 1990 would be achieved. However, the authors point
out that this reduction can mainly be attributed to the effects of the global
pandemic on energy demand and consumption, since otherwise it would have
been reasonable to assume that the climate target would have been missed.

The aforementioned developments highlight two aspects of the German energy
transition: First, targets such as the one aimed at climate neutrality by 2050
still have to be transformed into binding laws and efforts have to be expanded
in order to reach the defined climate targets since the current trajectory is not
sufficient. Second, a high degree of uncertainty is predominant in the future
development of the energy system, not only caused by disruptive events like the
pandemic but also driven by technology development, regulations, and societal
attitude. Therefore, in this work we aim to illustrate and highlight how changes
in these projections can affect the configuration of the energy system and which
no-regret options policy makers can focus on.
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2. Materials and methods

2.1. Model description
The model used for this analysis is the Global Energy SystemModel (GENeSYS-

MOD) an open-source linear optimization model, encompassing the electricity,
buildings, industry and transportation sectors of the energy system, which is an
extension of the Open-Source Energy Modeling System (OSeMOSYS) [58].2 It
was successfully applied in multiple case studies [7, 17, 59, 60, 13, 12], including
possible pathways of the German energy system transformation [22]. A stylized
representation of the model is illustrated in Figure 1.

Figure 1: Structure of Global Energy System Model (GENeSYS-MOD) including its main
technologies and the respective connections. Own depiction.

For each time step, the model has to satisfy the exogenously defined demands
for the different energy services (electricity, industry, buildings, and transporta-
tion) while also ensuring that sufficient generation capacities are provided. To
achieve this, the model can choose to invest into capacity expansion of a plethora
of available technologies across the sectors. This dispatch and capacity expansion
optimization is carried out under perfect foresight and from a central planner
perspective, meaning full information, also about future years, is available at all
times. As the objective function, the model aims to minimize total system costs,

2For more information and access, the reader is referred to: https://git.tu-
berlin.de/genesysmod/genesys-mod-public
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encompassing both capacity expansion, energy generation, trade, storage, and
conversion costs. All fiscal units are discounted towards the base year.

2.2. Exploring uncertainty via sensitivity analysis
The purpose of this paper is to give insights into the uncertainty that

inherently comes when trying to model and quantify any aspects of the future.
While the existence and general danger of global warming are widely accepted
within academia and politics, the actual process and necessary degree of the
low-carbon transition are still heavily debated [3, 4, 61]. As perfect predictions
of the future are impossible, the role of models should rather be to generate
insights and thus useful information to improve short-term plans to be more
aligned with long-term goals (e.g. in order to avoid path dependencies and/or
unnecessary stranded assets [17]).

There are various ways to tackle uncertainty in quantitative modeling, such
as adding stochastic elements to the model formulation [62], changing the
amount of foresight applied in the model [16, 17], or modifying (uncertain) input
assumptions to observe the model’s behavior [41, 42]. This last approach is
commonly known as sensitivity analysis and mostly used as a tool to validate
the model workings, as it can easily point towards inconsistencies in the model
results. In this study, however, a much more widespread technique is being
applied - that of exploratory sensitivity analysis, a technique that is frequently
used in various scientific fields [39, 40].

Compared to this exploratory sensitivity analysis approach, robust or stochas-
tic programming usually provide a singular solution instead of a range of sen-
sitivities. Although this singular solution considers uncertainty and can be
used for extensive risk assessments, robust and stochastic programming both
usually result in substantially increased problem sizes, making the variation
of input parameters difficult without deployment of additional decomposition
techniques. Monte-Carlo simulations present a further method for analyzing
uncertainty. These simulations are used to generate probabilistic results based
on uncertain/random input parameters. In general, Monte-Carlo simulations
are used to model the probability of different outcomes in a process that cannot
easily be predicted due to the intervention of random variables. However, as the
input parameters are considered random variables, each model run generates
a different outcome. Instead, the advantage of a large-scale (deterministic)
exploratory sensitivity analysis as being applied in this research is the ability
to always generate the same outcomes according to the changes in the input
parameters. As a downside, uncertainty is not inherently included in the model
setup but has to be assessed ex-post. However, due to the setup of an exploratory
sensitivity analysis, a large variety of input parameters can be analyzed without
the need for an adjusted model setup or adding artificial randomness to the
variables.

As such, a wide amount of key parameters to the model are changed iteratively,
yielding a total of 1591 separate sensitivities that have been considered in this
study. The chosen sensitivity parameters and their value ranges are presented in
Section 2.4. All of these sensitivity results are then cross-compared with each
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other, as well as with a defined reference scenario, or base case. We analyze each
sensitivity ceteris paribus, thus with all other values remaining unchanged. This
allows for a proper separation of effects for each sensitivity.

GENeSYS-MOD was expanded with a new module that enables this ex-
ploratory sensitivity analysis, adding the functionality to vary key input pa-
rameters via automated scripts that can then be used to run a multitude of
sensitivities in parallel. In addition to the exploratory sensitivity computations,
the module also introduces new automated methods for result aggregation and
dissemination in GENeSYS-MOD.

2.3. Chosen base case scenario
To provide a reference point for the sensitivity analysis, a base case was

defined and computed. Building upon the work in Bartholdsen et al. [22], the
German application of GENeSYS-MOD has been updated to the newest version
of the model, including the improved time-series reduction method presented in
Burandt et al. [59].

The model depicts Germany at a federal state level, thus consisting of 16
nodes total. The years 2015 to 2050 are modeled, with 2015 being taken as a
base year, and 2017 as an intermediate step between 2015 and 2020. After 2020,
the model is set up in 5-year steps. This setup for modeled years has been chosen
to remain comparable to the results of Bartholdsen et al. [22] (which starts with
the year 2015), while better reflecting real-world developments towards 2020 at
the same time. 2017 has been chosen as an intermediate step between 2015 and
2020 since it was the most recent year where detailed data on all sectors was
available. The sectors electricity, buildings, transport, and industry are included
in the analysis, with a strong focus on sector-coupling options. For this analysis,
no carbon budget has been implemented. Instead, the base case serves as more
of a ’current policy’ scenario, including a CO2 price that has been passed as
part of the "Climate Action Plan 2030" in Germany [63], setting the minimum
CO2 price to 55€ after 2026, expected to rise at least 85€ per ton of CO2 in
2050. 2038 is set as an exit date for coal in the electricity sector, and nuclear
power is shut down as soon as 2022. All relevant input data can be found in the
accompanying supplementary material at the Zenodo repository.

2.4. Sensitivities analyzed in this study
In this study, a total of 1591 sensitivities, spread across 11 different parameters,

have been analyzed. These parameters have carefully been selected for being part
of the most influential parameters of the model, or facing the most discussion in
science, media, and policy. As these sensitivities highlight the effects of changes
to the base case without altering the other parameters (ceteris paribus), the
results provide decision and policy makers with the opportunity to see how
effective policies targeting a specific area would be. Therefore, the ranges of the
sensitivities are not limited by what can be found in the current literature or
political debate, to paint a bigger picture and possibly highlight effects which
might be overlooked otherwise. With the sensitivities being computed ceteris
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paribus, no combinations of different sensitivity parameters is made in the scope
of this study. Table 1 lists all sensitivities, as well as their value ranges.

Final energy demands. Being one of the main drivers of GENeSYS-MOD, as
well as a highly uncertain factor, final energy demands are of major importance
in the future development of the energy system. As their future predictions
often rely on qualitative scenario assumptions, they are exposed to extreme
uncertainty and heavily reliant on expert assessment. Additionally, aspects of
sufficiency, which see an increased representation in recent literature [64, 65],
are difficult to include in typical energy system modeling and usually have to be
considered through exogenous assumption (such as reducing energy demands).
In this study, energy demands are varied per sector, relative to the base case.

Costs of breakthrough technologies. Breakthrough technologies, especially related
to hydrogen, and future energy storage concepts, are often hailed as being a
cornerstone of the low-carbon transition. Especially when extremely high levels
of decarbonization are targeted, many studies heavily rely on these future
technologies to reduce emissions. As such, their projected costs are not only
highly uncertain, but also of great importance. They are varied per technology
in relation to the base case assumptions.

Growth rate of renewables. Another uncertainty is that of the maximum possible
introduction of renewables into the electricity grid per year. It is often argued
that there is a maximum that can reasonably be introduced without causing
issues with grid stability.

Rate of transmission grid expansion. In German media and politics, there
is an extensive and ongoing debate about the necessity of transmission grid
expansions when incorporating more renewables into the grid. Since most
renewable potentials (notably offshore wind) are located in Northern Germany,
but much of the (industrial) energy demand is in the south, many argue for the
expansion of these north-south transmission lines.

Renewable potentials. Even though studies show that the potential for renewable
energies in Germany is much higher than required for a complete decarbonization
of the energy system [66], local preferences and matters of acceptance can have a
major impact in the final configuration of the electricity sector. Moreover, some
determinants of renewable potentials are in an ongoing discussion (e.g.: minimum
distance from wind turbines to settlements) or rely on societal participation
(e.g.: solar power on residential buildings). Therefore, in this case study a
varying potential for onshore, offshore and solar photovoltaic simulates these
uncertainties, as the exact potential for renewable energies is difficult to assess,
yet the effects of increasing or decreasing said potential can be of significant
importance.
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Carbon price. There exists a multitude of different possible climate policies (vary-
ing from more market driven to regulatory instruments). The implementation of
a carbon price for the sectors energy, industry, buildings, and transportation is
hereby taken as proxy for the level of climate stringency. Yet, there are frequent
differences in the magnitude of proposed carbon prices, as well as compared to
already implemented ones. In this sensitivity, we significantly alter the carbon
price to highlight its effects, specifically onto the different sectors. The currently
agreed on carbon price trajectory for Germany consists of a price per ton of CO2
of 25€ in 2021, increasing to 55€ per ton of CO2 in 2025. This price corridor
is already an updated version of an earlier one, which was heavily criticized as
being too low, with prominent research institutes arguing for prices as high as
180€ per ton CO2 in 2030 [67, 68]. Therefore, the chosen sensitivities range
from 350 €/ton CO2 in 2050 (assuming a carbon price of 180 €/ton CO2 in 2030
with a similar development afterwards) to 20 €/ton CO2 in 2050, assuming a
decreasing development after 2025.

Building renovation rate. The building renovation rate is one of the cornerstones
of reducing GHG emissions in the buildings sector, since improved insulation
has a significant effect onto the energy required for space heating. In Germany,
however, only about 1% of the buildings is renovated each year, far less then
recommended by most studies to achieve any meaningful climate target [31].
Therefore, in this sensitivity we analyse the effects of an increased or decreased
renovation rate and the resulting effects on residential energy demand. Hence,
the chosen sensitivity range assumes 1.5% as the baseline which is considered to
be the minimum rate required if moderate climate targets were to be achieved
[69], which is then drastically altered towards both ends to simulate stagnating
or very progressive policies.

Hydrogen import price. As already mentioned above, hydrogen is often viewed
as a key component in the low-carbon energy transition. Apart from producing
it locally from renewable energy sources, importing hydrogen would be another,
yet possibly controversial, option of covering the demand. While in our base
case the option for importing hydrogen is not enabled, we implement this feature
in this sensitivity with the values ranging from 33.1 €/MWh to 254 €/MWh.

Modal split. The choice of vehicle to satisfy transportation demand depends on
behavioural aspects and is difficult to replicate with a purely cost-minimizing
approach but still can have huge implications for the energy system. Trains are
generally speaking more cost and fuel efficient when it comes to produce passenger
or ton kilometer, however road transportation remains (and probably will remain)
the most important mode of transportation. In GENeSYS-MOD, the modal
choice is very limited due to the linear nature of the model and the otherwise
extreme results which would be produced. However, this sensitivity explores the
potential effects of a more energy efficient modal split by allowing higher amount
of transport demand being shifted towards other modes of transportation (e.g.,
from road-based to rail-based transportation).
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Costs of renewables. With GENeSYS-MOD being a linear cost-optimization
problem, costs are always one of the most influential factors. Since a large-scale
introduction of renewables will be inevitable to achieve set climate goals, their
costs and learning rates - being higly understimated in the past [70] - are highly
relevant to the model results. They are varied per technology relative to the
base case.

Biomass availability. Biomass usage is another often critical factor in decar-
bonization studies. However, one has to distinguish between actually renewable
biomass (such as waste and other bi-products), and 1st generation biofuels such
as fuel crops. With biomass being both a highly valuable and scarce resource (e.g.
for the decarbonization of the transport or industrial sectors), its availability is
an extremely important uncertainty to be analyzed.

Table 1: Analyzed sensitivities in this study, including quantity and value ranges for each
chosen parameter.

# Min
value

Default
value

Max
value

Step
size

Demands per sector 231 70% 100% 150% 2.5%
Costs of break-
through techs

per technology 243 50% 100% 250% 2.5%

RES integra-
tion

max increase/year 131 3.5% 5% 10% .05%

Grid expansion max increase/year 121 0% 3% 6% .05%
RES potentials per technology 264 70% 100% 150% 2.5%
Carbon price [€/tCO2] 133 20 € 85 € 350 € 2.5€
Renovation
rate

max share/year 77 0.5% 1.50% 7.5% .125%

Hydrogen im-
port price

[€/kg H2] 88 1.2 € N/A 10 € .1€/
kg H2

Modal shift 77 80% 100% 120% 0.5%
RES costs for solar & wind 145 80% 100% 150% 2.5%
Biomass avail-
ability

81 50% 100% 150% .125%

Total 1591

The step size for each sensitivity has been chosen to keep the distribution of
sensitivities as even as possible. In some cases, (e.g., for energy demands), the
sensitivities are applied for a number of sectors or technologies, both separate, as
well as in combinations (e.g., demand developments in only the industry sector
versus demand changes across both industry and transport). This leads to a
higher total number of runs, while the step size remains the same.
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3. Results

This section will present some general findings from the range of model runs,
with some meta analysis across noteworthy sensitivities. Subsequently, the four
most commonly and widely discussed potential barriers and opportunities will
be analyzed and put into context of our modeling results.

3.1. General findings
The general results across all 1591 computed sensitivities show a clear trend for

the German energy transition. Emissions heavily decline across all sensitivities,
albeit with varying intensity. While the base case manages to achieve the German
policy goal of 85 to 95% with a reduction of 88.4% compared to 1990 values,
some sensitivities only achieve 75% emission reductions (see Figure 2).

Figure 2: Spread of emission reductions compared to 1990 across all tested sensitivities (left)
and spread of accumulated emissions in 2050 across all sensitivities. The range for the emission
budgets is derived from the IPCC SR1.5 with a share for Germany based on its population.

While most sensitivities (including the base case) therefore fall in the 2° C
range for global warming, some outliers above and below 2° C can be observed.
However, these outliers are noticeably skewed towards the upper end, signaling
an increased risk of failure to uphold the 2° C target within the computed
sensitivities. The same shift towards renewable-based and thus emission-free
technologies can also be observed in the electricity sector, with a drastic increase
in RES-based electricity generation, as shown in Figure 3. The base case achieves
a value of 95.9% renewables in electricity generation, with sensitivities ranging
in between 100% and 78% renewable electricity. As with the emission reductions,
the largest spread can be seen in the demand and emission price sensitivities.
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Figure 3: Spread of the share of renewables in electricity generation across all tested sensitivities.

The development of power generation costs, however, shows less of an influence
of demands and emission price, and instead a strong reliance on exploitable
renewable potentials and costs of renewable technologies (Figure 4). The emission
price sensitivity is mostly noticeable in the intermediate future, and, contrary
to popular opinion, we find only a marginal change in power generation costs
when limiting the expansion of the electricity transmission grid. Looking at
the state level, significant differences between German federal states can be
observed in 2050. While some states only experience minor spreads of generation
costs across all sensitivities, some states, such as Baden-Württemberg, Saarland,
North-Rhine-Westfalia, and the city states Hamburg and Berlin experience a
major spread in resulting electricity generation costs. Generation costs in Baden-
Württemberg, for example, range between 25 and 78 € per MWh in 2050, leaving
a threefold increase between lowest and highest sensitivity results. Except for
the worst sensitivities regarding renewable technology costs, the generation costs
for electricity experience a decline over time, with the base case reaching costs of
32€ per MWh in 2050, down from 52.5€ per MWh in 2015.3 On a positive note,
the results indicate that even in the ’worst case’ sensitivity, generation costs
remain at 2015 levels, contradicting a commonly found fallacy that a large-scale
introduction of renewables comes at an increase in electricity costs.

3Please note that these only represent the pure generation costs of electricity. Transmission,
storage and infrastructure costs are not included in these numbers.
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Figure 4: Average generation costs for electricity across all tested sensitivities. The top graph
shows the development over time for Germany as a whole, the bottom graph shows the spread
of electricity generation costs in 2050 per federal state.4 The costs are displayed in € per MWh
and do not factor in infrastructure costs.

3.2. Demands
One of the key drivers of the transformation of the energy system is the overall

energy demand. This is especially true in a post-COVID world, dominated by
economic recovery and green investments [71]. As outlined by Zaharia et al. [72],
primary and final energy consumption are affected by a multitude of factors and
for some of them conflicting results are found in the literature, which in turn
highlights the importance of including energy demand in this sensitivity analysis.

Across all sensitivities, altering the various demands of the sectors proved to
have one of the most significant effects with respect to various key indicators. On
the one hand, increasing (or decreasing) the input demand consequently comes
with and increase (or decrease) of final energy consumption in the respective

4The list of acronyms for the German federal states can be found in the Appendix.
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sectors. On the other hand, the sectors react differently with respect to the share
of energy provided by electricity based technologies. This effect is illustrated
in Figure 5, where the range of results is shown for the case where only the
electricity demand is being analysed (top) and the case where all sector demands
are considered (bottom).

Figure 5: Changes in electrification rates by varying electricity demand in building, industry
and transport sector (figure above). Changes in electrification rates by varying total energy
demand in building, industry and transport sector (figure below).

The top half of the figure shows the industry sector being the one most
affected by a change in the electricity demand. Less electricity demand means
more electricity which can be used in other sectors and the industry sector seems
to be the one where, despite the overall high level of the electrification rate,
this effect is the strongest. In contrast, the other two sectors, transportation
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and buildings, show less variability in their electrification rate. This observation
implies two aspects: First, the industry sector is the most difficult (or expensive
in model terms) to electrify, as a reduction in available electricity leads to the
reduction of electrification rate in the industry sector instead of the other two.
Second, the sectors buildings and transportation seem to have reached a very
stable state in the base case. Another observation is that the effect on the
industry sector in 2050 is more or less symmetrical around our base case, while
the buildings sector reacts stronger to an increase of electricity demand (reflected
in the reduced electrification rate in the buildings sector) and the transportation
sector is more affected, although only slightly, by decreasing electricity demand.
These tendencies are amplified when analyzing the bottom half of Figure 5,
where the range of results widens in general. The electrification rate in the
transportation sector still seems to be less affected by varying demands than for
the other two sectors. The buildings sector, on the flip side, now shows effects
as early as 2025 which is caused by the installation of heat pumps at a rapid
rate, regardless of the overall demand development.

Another indicator with significant results for the demand sensitivity is the
amount of electricity production. In fact, out of all sensitivities, demands had
the strongest effect on this indicator. As explained in the previous paragraph,
all sectors experience significant rates of electrification and, therefore, electricity
generation is strongly affected by demand changes across all sectors, as the
overall electricity production is determined endogenous and consists electricity
consumption for heating and transportation purposes as well as the residual
power demand which is used for lighting, appliances, etc. The effects can be seen
in Figure 6, which shows a wide range of outcomes where in 2050 the results
range from 650 TWh to almost 1,200 TWh. An interesting development can
be seen in the years 2020 - 2030 showing decreasing electricity production for
the sensitivities with lower demand (darker shades). This can be explained by a
slow uptake of electricity-based technologies across the sectors until 2030, such
that the demand reduction dominates the additional power demand. In the later
periods though, electricity becomes substantial in all sectors, overcompensating
the demand reductions even in the most ambitious sensitivities.
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Figure 6: Effects of demand development sensitivities on electricity generation (in TWh).

3.3. Carbon price
As already outlined in Section 1.2, the discussion about a successful transfor-

mation of the German energy system sparked a debate about the dimension of an
appropriate carbon price. Starting in 2021, Germany put in place a CO2 price of
25 €/ton for the sectors heating and transportation (excluding aviation) which
will increase up to 55 €/ton in 2025. After this 5-year period, a cap and trade
system is planned with the amount of certificates being determined by agreed
on climate targets. While leading research institutes in Germany deemed the
general structure of the law to be a suitable tool in facilitating the Energiewende,
the carbon price in particular was criticised in being too low to have a meaningful
effect [68, 73]. This debate raises the need for a more in-depth analysis of the
impacts of a carbon price on the German energy system transformation and
through the sensitivity analysis on said instrument (as described in Section 2.4)
light is shed on its effects on the different energy sectors.

To analyze the effects of a carbon price, the changes in the electrification
rate of the different sectors will be analyzed again. For this modeling exercise, a
uniform carbon price is assumed across all sectors disregarding possible slight
differences between the German carbon price and the EU-ETS. Similar to the
demand sensitivity, the transportation sector remains unaffected by a change
in carbon price compared to a higher susceptibility observed in the buildings
and especially the industry sector (Figure 7). This hints at higher difficulties
for the decarbonization of certain parts of transportation, especially in freight
transportation. While in the later years of the modeling period the effects in the
industry sector are nearly symmetrical, a higher carbon price also shows effects
in the earlier years, showing a massive uptake in electrification (and therefore
mostly carbon free energy) caused by high carbon prices. Vice versa, a low
carbon price leads to fossil fuels staying in the industry mix with only a small
percentage being phased out until 2050. Overall, the results in the industrial
sector in 2050 range from 55% to almost 80%. The buildings sector seems to be
less affected which suggests that renovation rates (as in the demand sensitivity
in Section 3.2) are more effective in electrifying the sector than a carbon price.
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Moreover, a carbon price has less of an impact in the buildings sector in the long
term since the potential of heat pumps is already exhausted to a high degree in
the base case.

Figure 7: Effects of emission price sensitivities on the electrification rate across different sectors.

3.4. Hydrogen

Figure 8: Usage of hydrogen per sector (top) and usage of hydrogen per federal state in 2050
(bottom) by varying costs for breakthrough technologies.

Hydrogen offers a great potential for the decarbonization of the energy system,
from being a storage medium in the electricity sector to replacing processes in
industry, which are difficult to electrify, or powering vehicles, especially heavy-
duty ones. The potential and effects of hydrogen and subsequently sector coupling
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where analyzed extensively by Ausfelder et al. [74]. In recent years, national
and EU-wide hydrogen strategies were developed across the continent, with
Germany labeling it a "key element in the transformation of the energy system"
[75]. Therefore, in this paper the usage of hydrogen in the different sectors as
well as the regional distribution of hydrogen consumption are discussed.

In general, a greatly varied hydrogen consumption can be observed, changing
various input parameters. The hydrogen consumption in the transportation
sector is particularly sensitive to varying costs for breakthrough technologies,
as depicted by Figure 8. With highly reduced costs for hydrogen generating
technologies, the consumption of hydrogen in the transportation sector nearly
doubles, whereas the consumption in the industrial and buildings sectors stay
close to base-case levels. In particular, significant cost reduction of fuel cell
electric vehicles could lead to these vehicles being the dominant technologies for
passenger cars, a field otherwise dominated by BEVs in the calculations. Freight
transportation, on the other hand, is less sensitive and already in the base case
relying heavily on hydrogen for road transportation.

With increased production of hydrogen and consequently its consumption,
additional storage capacities for hydrogen are needed, as hydrogen is preferably
produced in hours with excess renewable energy sources. Due to the late
commercial availability of hydrogen transportation technologies, significant effects
of changed breakthrough costs arise from 2035 on-wars, with 2025 and 2030
staying close to base-case levels for all sensitivities. With overall increased costs
for breakthrough technologies, the overall consumption of hydrogen in all sectors
decreases. However, even with the highest increase of breakthrough costs, small
amounts of hydrogen are still used in the transportation sector, as for certain
use-cases hydrogen poses a valid alternative for direct electrified transportation
technologies or biofuels.

With the transportation sector being the main driver of hydrogen consump-
tion, a correlation between population of the federal states and the respective
hydrogen demand can be observed. The four most populated federal states
(North Rhine-Westphalia, Bavaria, Baden-Wuerttemberg, and Lower Saxony)
show both the highest over all demand as well as the highest sensitivity towards
changing input parameters. Since these states are also the largest ones in terms
of land-area, the potential for local production, storage, and consumption of
hydrogen generated through renewable energies is substantial.

3.5. Renewable energy sources
Renewable energy sources are also a widely discussed topic regarding the low-

carbon transition. While consensus has been reached that they are an important
cornerstone to reduce emissions, there is widespread discussion about their
optimal share in the energy mix, as well as about effects on e.g. power generation
costs, energy security, or socio-economic factors such as jobs [76, 34, 77]. In this
paper, two main uncertainties are discussed, the costs of renewables, and their
potentials.
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3.5.1. Costs of renewables
As already highlighted in section 3.1, the costs of renewable technologies

largely influence future electricity generation costs. With a global political push
away from fossil fuels towards renewables to fulfil set carbon reduction goals, RES
are the only option for decarbonization apart from negative emission technologies
(which themselves face huge uncertainties and risks [78, 79]). Therefore, their
costs inevitably have a strong influence on overall costs and, therefore, cost-
optimized model results. It can be observed that given an increase in solar
and wind costs of the ’worst-case’ scenario, electricity generation costs would
almost stagnate at 2015 levels. An increase of wind costs influences results
quite more significantly than that of solar, as shown in the upper part of Figure
9, which is in line with similar research in the field [11, 26]. The costs of
wind turbines also significantly influence the amount of electricity trade within
Germany, highlighting that solar energy potential is more evenly distributed
across the regions compared to wing potential. While in the base case, the state
of Lower Saxony proves to be a large net exporter of electricity (especially to
the densely populated state of North-Rhine-Westfalia), an increase of wind costs
leads to a more even distribution of electricity generation across Germany, but
at a noticeably higher cost. Offshore wind plays a large role here, as Lower
Saxony has abundant wind-rich coastal areas. However, even in a worse case
characterized by RES costs higher than the ones assumed, although not declining,
generation costs would not see an increase when compared to 2015 levels, which
is a strong argument for RES as a no-regret option concerning future energy
supply.

Figure 9: Development of average generation costs for electricity (top) and net trade of
electricity in 2050 (bottom). Electricity generation costs in € per MWh, net trade in TWh.
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3.5.2. Renewable energy potentials
Another commonly discussed topic is that of renewable potential. While the

technical potential is usually quite abundant, economic viability and political
barriers often significantly reduce these potentials. Policies such as the 10H
rule as e.g. applied in Bavaria5 shrink the available surface area for renewable
installations. Especially wind turbines often face public acceptance issues,
frequently related to the not-in-my-backyard phenomenon [80]. The sensitivity
runs underline that importance, especially regarding the resulting cost-optimal
technology mix and the distribution of installed capacities across Germany.
Figure 10 shows the change in installed capacity for offshore and onshore wind,
as well as solar, for each federal state. Overall, it can be observed that especially
an increase in usable solar potential leads to more spread out PV installations
and less offshore expansion in the three northern federal states. A similar effect
can be noticed when onshore potentials are increased, albeit to a lesser extent,
where offshore wind is reduced, mainly in Lower Saxony, in favor for onshore
wind turbines across most parts of northern Germany. This hints at the role
of wind onshore and solar gaining in importance and eliminating the need for
baseload production offered by offshore if potentials were to increase, be it due
to technological or regulatory developments.

Figure 10: Electricity generation per federal state for offshore, onshore, and solar relative to
the base case. Red color indicates less production than in the base case, yellow indicates no
change, and green indicates an increase in generation.

5The 10H rule states that a wind turbine needs to be at least 10 times it’s height from any
populated area.
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Increasing all renewable potentials simultaneously results in the similar picture
as only increasing solar PV potentials. This highlights that PV potentials seem
to be a binding constraint in a number of federal states. Cross-referencing the
results of said sensitivity shows a more decentralized German electricity system
relying more heavily on solar and onshore wind, instead of large-scale offshore
facilities in the Northern Sea. This also drastically reduces the need for new
transmission capacities. Combined with an increase in the usable PV potential,
if at all possible, a chance for a more distributed low-carbon transition across
the country can be seen.

4. Conclusion

This paper uses the open-source energy system model GENeSYS-MOD to
provide insights into key uncertain factors of the German low-carbon transition.
For this, the newest version of GENeSYS-MOD has been used and adapted to
Germany at a federal state level. A base case was defined as a reference for
the exploratory sensitivity analysis. In total, 1591 sensitivities across 11 key
influential factors have been computed. This allows for not only one singular
pathway to be obtained, but a whole scenario corridor, highlighting the change
in results with underlying changes of input assumptions. Therefore, it is possible
to identify the most influential factors on the German Energiewende and how
this translates to possible chances and potential barriers, depending on how the
underlying parameters actually develop in the future. With such an exploratory
sensitivity analysis, a wide view on possible pathways for the future of the
German energy system can be obtained.

Results show that especially demand reduction plays a tremendous role
in the process of reaching climate targets. Across all analyzed result values,
changes in final energy demand heavily impacted the model results to achieve
ambitious reduction targets by 2050, with an especially pronounced effect in the
buildings sector. Also, the costs and available potentials of RES have a significant
impact on generation costs, necessity of grid expansion, and the distribution of
generation capacity across Germany. The choice of a price on emissions has a
noticeable effect in the near to intermediate future, heavily reducing cumulative
emissions since action is taken sooner, especially in the industrial sector. The
costs of hydrogen are another noteworthy finding of this study: While usually
mostly seen as a use-case in long-distance freight transportation and aviation,
decreasing costs of hydrogen might open up usage across large parts of the
transportation sector, including fuel-cell electric vehicles in passenger transport.

In general, it can be seen that an increase in energy efficiency, along with
consumer-level demand behavior changes (e.g. in transport), could drastically
help with the fulfilment of climate goals. However, further reductions of de-
mands and an increase in sufficiency might be helpful to reach climate goals.
Furthermore, a carbon price proves to be an efficient tool to reduce emissions
in the buildings and industrial sectors. In these sectors a higher carbon price
drastically improves overall electrification rates. Hence, the establishment of
higher carbon prices in the near term could significantly reduce emissions and
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boost investment into renewable technologies. Nevertheless, the carbon price in
this model can also be seen as a proxy for other climate policies that prove to be
efficient in reducing emissions as well. As shown in our analysis, hydrogen and
increased power trade capacities have also substantial potentials in decreasing
emissions, although both show less effects on emission reduction than a decrease
in demand. Overall, large-scale investments into renewable energies and stor-
ages are a no-regret-option for climate targets and often prove to be minimum
requirements for other technologies.

Summing up, given the large amount of uncertainty in the results of en-
ergy system models, an extensive exploratory sensitivity analysis can produce
meaningful insights. The spread in general results, as well as in effects for each
parameter variation can be analyzed, giving an overview of key influential factors.
For the analyzed German case study a reduction of 88% by 2050 (compared
to 1990) was calculated, clearly missing the German (and European) target of
climate neutrality. The obtained sensitivity pathways (changing always just one
parameter) reach reduction values of 75 - 95% - showing that additional efforts in
more than one domain are needed to allow for a faster decarbonization pathway.
Thus, one can only underline the importance of immediate action that needs
to undergo for the low-carbon transition to succeed. However, since many of
the uncertain factors such as technological innovation, resource availability, and
international trade (e.g. for hydrogen) go beyond the scope of a country-level
analysis, further research should also look at implications on a global scale.
Additionally, an expansion of the scope of the analysis, e.g. by broadening the
range of analyzed sensitivities to also include socio-economic factors (such as
behavioral aspects) would be beneficial. This would allow for a more holistic
view over possible challenges, especially from a non-technical viewpoint. A
further analysis could also inspect possible interdependencies and interactions
between the different key factors, since this paper only focuses on the factors
ceteris paribus. Finally, a combination and comparison of exploratory sensitivity
analyses with Monte-Carlo simulation methods could provide additional insights
on both effect on obtained results, but also on topics such as computational and
model requirements.

Acknowledgements. The authors would like to thank Christian von Hirschhausen
for his reviews and helpful comments.

Funding. This work was supported by the German Ministry for Education and
Research (BMBF) under grant numbers 01LN1704A and 01LA1810A.

References

[1] A. Jungjohann, C. Morris, The German Coal Conundrum: The
status of coal power in Germany’s energy transition, Techni-
cal Report, Heinrich Böll Stiftung, Washington D.C., 2014.
URL: https://www.researchgate.net/profile/Arne-Jungjohann/
publication/283624511_The_German_Coal_Conundrum_The_

22

https://www.researchgate.net/profile/Arne-Jungjohann/publication/283624511_The_German_Coal_Conundrum_The_status_of_coal_power_in_Germany%27s_energy_transition/links/5641b0b508aebaaea1f8506a/The-German-Coal-Conundrum-The-status-of-coal-power-in-Germanys-energy-transition.pdf
https://www.researchgate.net/profile/Arne-Jungjohann/publication/283624511_The_German_Coal_Conundrum_The_status_of_coal_power_in_Germany%27s_energy_transition/links/5641b0b508aebaaea1f8506a/The-German-Coal-Conundrum-The-status-of-coal-power-in-Germanys-energy-transition.pdf
https://www.researchgate.net/profile/Arne-Jungjohann/publication/283624511_The_German_Coal_Conundrum_The_status_of_coal_power_in_Germany%27s_energy_transition/links/5641b0b508aebaaea1f8506a/The-German-Coal-Conundrum-The-status-of-coal-power-in-Germanys-energy-transition.pdf


status_of_coal_power_in_Germany%27s_energy_transition/links/
5641b0b508aebaaea1f8506a/The-German-Coal-Conundrum-The-status-
of-coal-power-in-Germanys-energy-transition.pdf.

[2] Clean Energy Wire, A (very) brief timeline of Germany’s En-
ergiewende, 2020. URL: https://www.cleanenergywire.org/factsheets/very-
brief-timeline-germanys-energiewende.

[3] C. T. M. Clack, S. A. Qvist, J. Apt, M. Bazilian, A. R. Brandt, K. Caldeira,
S. J. Davis, V. Diakov, M. A. Handschy, P. D. H. Hines, P. Jaramillo, D. M.
Kammen, J. C. S. Long, M. G. Morgan, A. Reed, V. Sivaram, J. Sweeney,
G. R. Tynan, D. G. Victor, J. P. Weyant, J. F. Whitacre, Evaluation of
a proposal for reliable low-cost grid power with 100% wind, water, and
solar, Proceedings of the National Academy of Sciences 114 (2017) 6722–
6727. URL: http://www.pnas.org/content/114/26/6722. doi:10.1073/pnas.
1610381114.

[4] T. Brown, T. Bischof-Niemz, K. Blok, C. Breyer, H. Lund, B. Mathiesen,
Response to ‘Burden of proof: A comprehensive review of the feasibility of
100% renewable-electricity systems’, Renewable and Sustainable Energy
Reviews 92 (2018) 834–847. URL: https://linkinghub.elsevier.com/retrieve/
pii/S1364032118303307. doi:10.1016/j.rser.2018.04.113.

[5] G. E. P. Box, Science and Statistics, Journal of the American Statistical
Association 71 (1976) 791–799. URL: http://www.tandfonline.com/doi/abs/
10.1080/01621459.1976.10480949. doi:10.1080/01621459.1976.10480949.

[6] G. Pleßmann, M. Erdmann, M. Hlusiak, C. Breyer, Global Energy Stor-
age Demand for a 100% Renewable Electricity Supply, Energy Proce-
dia 46 (2014) 22–31. URL: https://linkinghub.elsevier.com/retrieve/pii/
S1876610214001702. doi:10.1016/j.egypro.2014.01.154.

[7] K. Löffler, K. Hainsch, T. Burandt, P.-Y. Oei, C. Kemfert,
C. Von Hirschhausen, Designing a Model for the Global Energy
System—GENeSYS-MOD: An Application of the Open-Source Energy
Modeling System (OSeMOSYS), Energies 10 (2017) 1468. URL: https:
//www.mdpi.com/1996-1073/10/10/1468. doi:10.3390/en10101468.

[8] D. Bogdanov, J. Farfan, K. Sadovskaia, A. Aghahosseini, M. Child, A. Gu-
lagi, A. S. Oyewo, L. de Souza Noel Simas Barbosa, C. Breyer, Radical
transformation pathway towards sustainable electricity via evolutionary
steps, Nature Communications 10 (2019) 1077. URL: http://www.nature.
com/articles/s41467-019-08855-1. doi:10.1038/s41467-019-08855-1.

[9] M. Ram, D. Bogdanov, A. Aghahosseini, A. Gulagi, A. Oyewo,
M. Child, U. Caldera, K. Sadovskaia, J. Farfan, L. Barbosa, M. Fasihi,
S. Khalili, H.-J. Fell, C. Breyer, Global Energy System based on
100% Renewable Energy – Energy Transition in Europe Across Power,
Heat, Transport and Desalination Sectors, Lappeenranta University

23

https://www.researchgate.net/profile/Arne-Jungjohann/publication/283624511_The_German_Coal_Conundrum_The_status_of_coal_power_in_Germany%27s_energy_transition/links/5641b0b508aebaaea1f8506a/The-German-Coal-Conundrum-The-status-of-coal-power-in-Germanys-energy-transition.pdf
https://www.researchgate.net/profile/Arne-Jungjohann/publication/283624511_The_German_Coal_Conundrum_The_status_of_coal_power_in_Germany%27s_energy_transition/links/5641b0b508aebaaea1f8506a/The-German-Coal-Conundrum-The-status-of-coal-power-in-Germanys-energy-transition.pdf
https://www.researchgate.net/profile/Arne-Jungjohann/publication/283624511_The_German_Coal_Conundrum_The_status_of_coal_power_in_Germany%27s_energy_transition/links/5641b0b508aebaaea1f8506a/The-German-Coal-Conundrum-The-status-of-coal-power-in-Germanys-energy-transition.pdf
https://www.researchgate.net/profile/Arne-Jungjohann/publication/283624511_The_German_Coal_Conundrum_The_status_of_coal_power_in_Germany%27s_energy_transition/links/5641b0b508aebaaea1f8506a/The-German-Coal-Conundrum-The-status-of-coal-power-in-Germanys-energy-transition.pdf
https://www.cleanenergywire.org/factsheets/very-brief-timeline-germanys-energiewende
https://www.cleanenergywire.org/factsheets/very-brief-timeline-germanys-energiewende
http://www.pnas.org/content/114/26/6722
http://dx.doi.org/10.1073/pnas.1610381114
http://dx.doi.org/10.1073/pnas.1610381114
https://linkinghub.elsevier.com/retrieve/pii/S1364032118303307
https://linkinghub.elsevier.com/retrieve/pii/S1364032118303307
http://dx.doi.org/10.1016/j.rser.2018.04.113
http://www.tandfonline.com/doi/abs/10.1080/01621459.1976.10480949
http://www.tandfonline.com/doi/abs/10.1080/01621459.1976.10480949
http://dx.doi.org/10.1080/01621459.1976.10480949
https://linkinghub.elsevier.com/retrieve/pii/S1876610214001702
https://linkinghub.elsevier.com/retrieve/pii/S1876610214001702
http://dx.doi.org/10.1016/j.egypro.2014.01.154
https://www.mdpi.com/1996-1073/10/10/1468
https://www.mdpi.com/1996-1073/10/10/1468
http://dx.doi.org/10.3390/en10101468
http://www.nature.com/articles/s41467-019-08855-1
http://www.nature.com/articles/s41467-019-08855-1
http://dx.doi.org/10.1038/s41467-019-08855-1


of Technology Research Reports 91, LUT University and Energy
Watch Group, Lappeenranta, Finland and Berlin, Germany, 2019.
URL: http://energywatchgroup.org/wp-content/uploads/2018/12/EWG-
LUT_Full-Study_Energy-Transition-Europe.pdf, iSBN: 978-952-335-329-9.

[10] P. Capros, L. Paroussos, P. Fragkos, S. Tsani, B. Boitier, F. Wagner,
S. Busch, G. Resch, M. Blesl, J. Bollen, Description of models and scenar-
ios used to assess European decarbonisation pathways, Energy Strategy
Reviews 2 (2014) 220–230. URL: https://linkinghub.elsevier.com/retrieve/
pii/S2211467X13001065. doi:10.1016/j.esr.2013.12.008.

[11] H. C. Gils, Y. Scholz, T. Pregger, D. Luca de Tena, D. Heide, Integrated
modelling of variable renewable energy-based power supply in europe, En-
ergy 123 (2017) 173 – 188. URL: http://www.sciencedirect.com/science/
article/pii/S0360544217301238. doi:https://doi.org/10.1016/j.energy.
2017.01.115.

[12] K. Hainsch, T. Burandt, K. Löffler, C. Kemfert, P.-Y. Oei, C. von
Hirschhausen, Emission Pathways Towards a Low-Carbon Energy Sys-
tem for Europe: A Model-Based Analysis of Decarbonization Scenarios,
The Energy Journal 42 (2021). URL: http://www.iaee.org/en/publications/
ejarticle.aspx?id=3730. doi:10.5547/01956574.42.5.khai.

[13] H. Auer, P. Crespo del Granado, P.-Y. Oei, K. Hainsch, K. Löffler, T. Bu-
randt, D. Huppmann, I. Grabaak, Development and modelling of different
decarbonization scenarios of the European energy system until 2050 as a
contribution to achieving the ambitious 1.5 °C climate target—establishment
of open source/data modelling in the European H2020 project openEN-
TRANCE, e & i Elektrotechnik und Informationstechnik 2020 (2020).

[14] F. Steinke, P. Wolfrum, C. Hoffmann, Grid vs. storage in a 100% re-
newable Europe, Renewable Energy 50 (2013) 826–832. URL: https:
//linkinghub.elsevier.com/retrieve/pii/S0960148112004818. doi:10.1016/j.
renene.2012.07.044.

[15] M. Child, C. Kemfert, D. Bogdanov, C. Breyer, Flexible electricity gen-
eration, grid exchange and storage for the transition to a 100% renew-
able energy system in Europe, Renewable Energy 139 (2019) 80–101.
doi:10.1016/j.renene.2019.02.077.

[16] C. Gerbaulet, C. von Hirschhausen, C. Kemfert, C. Lorenz, P.-Y. Oei,
European electricity sector decarbonization under different levels of foresight,
Renewable Energy 141 (2019) 973–987. doi:10.1016/j.renene.2019.02.
099.

[17] K. Löffler, T. Burandt, K. Hainsch, P.-Y. Oei, Modeling the low-
carbon transition of the European energy system - A quantitative as-
sessment of the stranded assets problem, Energy Strategy Reviews 26

24

http://energywatchgroup.org/wp-content/uploads/2018/12/EWG-LUT_Full-Study_Energy-Transition-Europe.pdf
http://energywatchgroup.org/wp-content/uploads/2018/12/EWG-LUT_Full-Study_Energy-Transition-Europe.pdf
https://linkinghub.elsevier.com/retrieve/pii/S2211467X13001065
https://linkinghub.elsevier.com/retrieve/pii/S2211467X13001065
http://dx.doi.org/10.1016/j.esr.2013.12.008
http://www.sciencedirect.com/science/article/pii/S0360544217301238
http://www.sciencedirect.com/science/article/pii/S0360544217301238
http://dx.doi.org/https://doi.org/10.1016/j.energy.2017.01.115
http://dx.doi.org/https://doi.org/10.1016/j.energy.2017.01.115
http://www.iaee.org/en/publications/ejarticle.aspx?id=3730
http://www.iaee.org/en/publications/ejarticle.aspx?id=3730
http://dx.doi.org/10.5547/01956574.42.5.khai
https://linkinghub.elsevier.com/retrieve/pii/S0960148112004818
https://linkinghub.elsevier.com/retrieve/pii/S0960148112004818
http://dx.doi.org/10.1016/j.renene.2012.07.044
http://dx.doi.org/10.1016/j.renene.2012.07.044
http://dx.doi.org/10.1016/j.renene.2019.02.077
http://dx.doi.org/10.1016/j.renene.2019.02.099
http://dx.doi.org/10.1016/j.renene.2019.02.099


(2019) 100422. URL: http://www.sciencedirect.com/science/article/pii/
S2211467X19301142. doi:10.1016/j.esr.2019.100422.

[18] D. Connolly, H. Lund, B. Mathiesen, Smart Energy Europe: The technical
and economic impact of one potential 100% renewable energy scenario
for the European Union, Renewable and Sustainable Energy Reviews
60 (2016) 1634–1653. URL: https://linkinghub.elsevier.com/retrieve/pii/
S1364032116002331. doi:10.1016/j.rser.2016.02.025.

[19] A. Palzer, H.-M. Henning, A comprehensive model for the german elec-
tricity and heat sector in a future energy system with a dominant con-
tribution from renewable energy technologies – part II: Results, Renew-
able and Sustainable Energy Reviews 30 (2014) 1019–1034. URL: http:
//www.sciencedirect.com/science/article/pii/S1364032113007818. doi:10.
1016/j.rser.2013.11.032.

[20] A. Bloess, Impacts of heat sector transformation on Germany’s power system
through increased use of power-to-heat, Applied Energy 239 (2019) 560–
580. URL: https://linkinghub.elsevier.com/retrieve/pii/S0306261919301023.
doi:10.1016/j.apenergy.2019.01.101.

[21] W.-P. Schill, A. Zerrahn, Flexible electricity use for heating in markets
with renewable energy, Applied Energy 266 (2020) 114571. URL: https:
//linkinghub.elsevier.com/retrieve/pii/S0306261920300830. doi:10.1016/j.
apenergy.2020.114571.

[22] H.-K. Bartholdsen, A. Eidens, K. Löffler, F. Seehaus, F. Wejda, T. Burandt,
P.-Y. Oei, C. Kemfert, C. von Hirschhausen, Pathways for Germany’s
Low-Carbon Energy Transformation Towards 2050, Energies 12 (2019)
2988. URL: https://www.mdpi.com/1996-1073/12/15/2988. doi:10.3390/
en12152988.

[23] I. Staffell, S. Pfenninger, Using bias-corrected reanalysis to simulate current
and future wind power output, Energy 114 (2016) 1224–1239. URL: https:
//linkinghub.elsevier.com/retrieve/pii/S0360544216311811. doi:10.1016/j.
energy.2016.08.068.

[24] J. Bosch, I. Staffell, A. D. Hawkes, Global levelised cost of elec-
tricity from offshore wind, Energy 189 (2019) 116357. URL: https:
//linkinghub.elsevier.com/retrieve/pii/S0360544219320523. doi:10.1016/j.
energy.2019.116357.

[25] E. P. Soares-Ramos, L. de Oliveira-Assis, R. Sarrias-Mena, L. M. Fernández-
Ramírez, Current status and future trends of offshore wind power in Europe,
Energy 202 (2020) 117787. URL: https://linkinghub.elsevier.com/retrieve/
pii/S036054422030894X. doi:10.1016/j.energy.2020.117787.

[26] M. Pehnt, M. Oeser, D. J. Swider, Consequential environmental system
analysis of expected offshore wind electricity production in germany, En-
ergy 33 (2008) 747 – 759. URL: http://www.sciencedirect.com/science/

25

http://www.sciencedirect.com/science/article/pii/S2211467X19301142
http://www.sciencedirect.com/science/article/pii/S2211467X19301142
http://dx.doi.org/10.1016/j.esr.2019.100422
https://linkinghub.elsevier.com/retrieve/pii/S1364032116002331
https://linkinghub.elsevier.com/retrieve/pii/S1364032116002331
http://dx.doi.org/10.1016/j.rser.2016.02.025
http://www.sciencedirect.com/science/article/pii/S1364032113007818
http://www.sciencedirect.com/science/article/pii/S1364032113007818
http://dx.doi.org/10.1016/j.rser.2013.11.032
http://dx.doi.org/10.1016/j.rser.2013.11.032
https://linkinghub.elsevier.com/retrieve/pii/S0306261919301023
http://dx.doi.org/10.1016/j.apenergy.2019.01.101
https://linkinghub.elsevier.com/retrieve/pii/S0306261920300830
https://linkinghub.elsevier.com/retrieve/pii/S0306261920300830
http://dx.doi.org/10.1016/j.apenergy.2020.114571
http://dx.doi.org/10.1016/j.apenergy.2020.114571
https://www.mdpi.com/1996-1073/12/15/2988
http://dx.doi.org/10.3390/en12152988
http://dx.doi.org/10.3390/en12152988
https://linkinghub.elsevier.com/retrieve/pii/S0360544216311811
https://linkinghub.elsevier.com/retrieve/pii/S0360544216311811
http://dx.doi.org/10.1016/j.energy.2016.08.068
http://dx.doi.org/10.1016/j.energy.2016.08.068
https://linkinghub.elsevier.com/retrieve/pii/S0360544219320523
https://linkinghub.elsevier.com/retrieve/pii/S0360544219320523
http://dx.doi.org/10.1016/j.energy.2019.116357
http://dx.doi.org/10.1016/j.energy.2019.116357
https://linkinghub.elsevier.com/retrieve/pii/S036054422030894X
https://linkinghub.elsevier.com/retrieve/pii/S036054422030894X
http://dx.doi.org/10.1016/j.energy.2020.117787
http://www.sciencedirect.com/science/article/pii/S0360544208000030
http://www.sciencedirect.com/science/article/pii/S0360544208000030


article/pii/S0360544208000030. doi:https://doi.org/10.1016/j.energy.
2008.01.007.

[27] A. Zerrahn, W.-P. Schill, C. Kemfert, On the economics of electrical
storage for variable renewable energy sources, European Economic Re-
view 108 (2018) 259–279. URL: https://linkinghub.elsevier.com/retrieve/
pii/S0014292118301107. doi:10.1016/j.euroecorev.2018.07.004.

[28] F. Cebulla, J. Haas, J. Eichman, W. Nowak, P. Mancarella, How much
electrical energy storage do we need? A synthesis for the U.S., Europe, and
Germany, Journal of Cleaner Production 181 (2018) 449–459. URL: https:
//linkinghub.elsevier.com/retrieve/pii/S0959652618301665. doi:10.1016/j.
jclepro.2018.01.144.

[29] B. Shirizadeh, Q. Perrier, P. Quirion, How Sensitive are Optimal Fully Re-
newable Power Systems to Technology Cost Uncertainty?, SSRN Electronic
Journal 33 (2020) 1–52. doi:10.2139/ssrn.3592447.

[30] K. Hansen, B. V. Mathiesen, I. R. Skov, Full energy system transition
towards 100% renewable energy in Germany in 2050, Renewable and
Sustainable Energy Reviews 102 (2019) 1–13. URL: https://doi.org/10.1016/
j.rser.2018.11.038. doi:10.1016/j.rser.2018.11.038, publisher: Elsevier
Ltd.

[31] G. Kobiela, S. Samadi, J. Kurwan, A. Tönjes, M. Fischedick, T. Koska,
S. Lechtenböhmer, S. März, D. Schüwer, CO2-neutral bis 2035 : Eckpunkte
eines deutschen Beitrags zur Einhaltung der 1,5-°C-Grenze ; Diskussions-
beitrag für Fridays for Future Deutschland, Technical Report, Wuppertal
Institut für Klima, Umwelt, Energie, Wuppertal, 2020.

[32] Prognos, Öko-Institut, Wuppertal-Institut, Klimaneutrales Deutschland,
Technical Report, Agora Energiewende, Agora Verkehrswende, Stiftung
Klimaneutralität, Berlin, Germany, 2020.

[33] H. U. Heinrichs, P. Markewitz, Long-term impacts of a coal phase-out in
Germany as part of a greenhouse gas mitigation strategy, Applied Energy
192 (2017) 234–246. URL: http://dx.doi.org/10.1016/j.apenergy.2017.01.065.
doi:10.1016/j.apenergy.2017.01.065, publisher: Elsevier Ltd.

[34] P.-Y. Oei, H. Hermann, P. Herpich, O. Holtemöller, B. Lünenbürger,
C. Schult, Coal phase-out in Germany – Implications and policies for affected
regions, Energy 196 (2020) 117004. URL: https://linkinghub.elsevier.com/
retrieve/pii/S0360544220301110. doi:10.1016/j.energy.2020.117004.

[35] M. G. Prina, G. Manzolini, D. Moser, B. Nastasi, W. Sparber, Classification
and challenges of bottom-up energy system models - A review, Renewable
and Sustainable Energy Reviews 129 (2020) 109917. URL: https://doi.org/
10.1016/j.rser.2020.109917. doi:10.1016/j.rser.2020.109917, publisher:
Elsevier Ltd.

26

http://www.sciencedirect.com/science/article/pii/S0360544208000030
http://www.sciencedirect.com/science/article/pii/S0360544208000030
http://dx.doi.org/https://doi.org/10.1016/j.energy.2008.01.007
http://dx.doi.org/https://doi.org/10.1016/j.energy.2008.01.007
https://linkinghub.elsevier.com/retrieve/pii/S0014292118301107
https://linkinghub.elsevier.com/retrieve/pii/S0014292118301107
http://dx.doi.org/10.1016/j.euroecorev.2018.07.004
https://linkinghub.elsevier.com/retrieve/pii/S0959652618301665
https://linkinghub.elsevier.com/retrieve/pii/S0959652618301665
http://dx.doi.org/10.1016/j.jclepro.2018.01.144
http://dx.doi.org/10.1016/j.jclepro.2018.01.144
http://dx.doi.org/10.2139/ssrn.3592447
https://doi.org/10.1016/j.rser.2018.11.038
https://doi.org/10.1016/j.rser.2018.11.038
http://dx.doi.org/10.1016/j.rser.2018.11.038
http://dx.doi.org/10.1016/j.apenergy.2017.01.065
http://dx.doi.org/10.1016/j.apenergy.2017.01.065
https://linkinghub.elsevier.com/retrieve/pii/S0360544220301110
https://linkinghub.elsevier.com/retrieve/pii/S0360544220301110
http://dx.doi.org/10.1016/j.energy.2020.117004
https://doi.org/10.1016/j.rser.2020.109917
https://doi.org/10.1016/j.rser.2020.109917
http://dx.doi.org/10.1016/j.rser.2020.109917


[36] P. Lopion, P. Markewitz, M. Robinius, D. Stolten, A review of current chal-
lenges and trends in energy systems modeling, Renewable and Sustainable
Energy Reviews 96 (2018) 156–166. URL: https://doi.org/10.1016/j.rser.
2018.07.045. doi:10.1016/j.rser.2018.07.045, publisher: Elsevier Ltd.

[37] S. Paltsev, Energy scenarios: the value and limits of scenario analysis,
Wiley Interdisciplinary Reviews: Energy and Environment 6 (2017). doi:10.
1002/wene.242.

[38] X. Yue, S. Pye, J. DeCarolis, F. G. Li, F. Rogan, B. Gallachóir, A review of
approaches to uncertainty assessment in energy system optimization models,
Energy Strategy Reviews 21 (2018) 204–217. URL: https://doi.org/10.1016/
j.esr.2018.06.003. doi:10.1016/j.esr.2018.06.003, publisher: Elsevier.

[39] S. Iyengar, J. Greenhouse, Sensitivity analysis and diagnostics, Handbook
of research synthesis and meta-analysis (2009) 417–433.

[40] F. Ferretti, A. Saltelli, S. Tarantola, Trends in sensitivity analysis practice
in the last decade, Science of The Total Environment 568 (2016) 666–
670. URL: https://linkinghub.elsevier.com/retrieve/pii/S0048969716303448.
doi:10.1016/j.scitotenv.2016.02.133.

[41] S. Pfenninger, A. Hawkes, J. Keirstead, Energy systems modeling for
twenty-first century energy challenges, Renewable and Sustainable Energy
Reviews 33 (2014) 74–86. URL: http://dx.doi.org/10.1016/j.rser.2014.02.003.
doi:10.1016/j.rser.2014.02.003, publisher: Elsevier.

[42] J. F. DeCarolis, S. Babaee, B. Li, S. Kanungo, Modelling to generate
alternatives with an energy system optimization model, Environmental
Modelling and Software 79 (2016) 300–310. doi:10.1016/j.envsoft.2015.
11.019.

[43] United Nations, Kyoto Protocol to the United Nations Framework Con-
vention on Climate Change, Technical Report, United Nations, New York,
1998. URL: http://unfccc.int/resource/docs/convkp/kpeng.pdf.

[44] UNFCCC, Paris Agreement, Technical Report, United Nations
Framework Convention on Climate Change, Paris, 2015. URL:
http://unfccc.int/files/meetings/paris_nov_2015/application/pdf/
paris_agreement_english_.pdf.

[45] BMUB, Klimaschutzplan 2050 – Klimaschutzpolitische Grundsätze und Ziele
der Bundesregierung, 2016. URL: http://www.bmu.de/fileadmin/Daten_
BMU/Download_PDF/Klimaschutz/klimaschutzplan_2050_bf.pdf.

[46] Bundesregierung, Gesetz zur Einführung eines Bundes-Klimaschutzgesetzes
und zur Änderung weiterer Vorschriften, Bundesgesetzblatt Jahrgang 2019
Nr. 48 (2019).

27

https://doi.org/10.1016/j.rser.2018.07.045
https://doi.org/10.1016/j.rser.2018.07.045
http://dx.doi.org/10.1016/j.rser.2018.07.045
http://dx.doi.org/10.1002/wene.242
http://dx.doi.org/10.1002/wene.242
https://doi.org/10.1016/j.esr.2018.06.003
https://doi.org/10.1016/j.esr.2018.06.003
http://dx.doi.org/10.1016/j.esr.2018.06.003
https://linkinghub.elsevier.com/retrieve/pii/S0048969716303448
http://dx.doi.org/10.1016/j.scitotenv.2016.02.133
http://dx.doi.org/10.1016/j.rser.2014.02.003
http://dx.doi.org/10.1016/j.rser.2014.02.003
http://dx.doi.org/10.1016/j.envsoft.2015.11.019
http://dx.doi.org/10.1016/j.envsoft.2015.11.019
http://unfccc.int/resource/docs/convkp/kpeng.pdf
http://unfccc.int/files/meetings/paris_nov_2015/application/pdf/paris_agreement_english_.pdf
http://unfccc.int/files/meetings/paris_nov_2015/application/pdf/paris_agreement_english_.pdf
http://www.bmu.de/fileadmin/Daten_BMU/Download_PDF/Klimaschutz/klimaschutzplan_2050_bf.pdf
http://www.bmu.de/fileadmin/Daten_BMU/Download_PDF/Klimaschutz/klimaschutzplan_2050_bf.pdf


[47] Angela Merkel, Rede von Bundeskanzlerin Merkel zum 10. Petersberger
Klimadialog am 14. Mai 2019 in Berlin, 2019. URL: https://www.
bundeskanzlerin.de/bkin-de/aktuelles/rede-von-bundeskanzlerin-merkel-
zum-10-petersberger-klimadialog-am-14-mai-2019-in-berlin-1611002#.

[48] Bundesregierung, Gesetz zur Reduzierung und zur Beendigung der Kohlever-
stromung und zur Änderung weiterer Gesetze (Kohleausstiegsgesetz), Bun-
desgesetzblatt Jahrgang 2020 Nr. 37 (2020).

[49] BMU, Klimaschutzprogramm 2030 der Bundesregierung zur Umsetzung
des Klimaschutzplans 2050, 2019. URL: https://www.bundesregierung.de/
resource/blob/975226/1679914/e01d6bd855f09bf05cf7498e06d0a3ff/2019-
10-09-klima-massnahmen-data.pdf.

[50] Bundesverband WindEnergie e.V, DeutschlandBWE e.V., 2020. URL: https:
//www.wind-energie.de/themen/zahlen-und-fakten/deutschland/.

[51] Solarbranche.de, Photovoltaikmarkt in Deutschland, 2021. URL: https:
//www.solarbranche.de/ausbau/deutschland/photovoltaik.

[52] Fraunhofer-Instituts für Solare Energiesysteme, Kreisdiagramme zur
Stromerzeugung, 2021. URL: https://energy-charts.info/charts/energy_
pie/chart.htm?l=de&c=DE&year=2020&interval=year.

[53] BMWI, Energieeffizienz in Zahlen - Entwicklungen und Trends
in Deutschland 2019, Technical Report, Bundesministerium für
Wirtschaft und Energie, Berlin, Germany, 2019. URL: https:
//www.bmwi.de/Redaktion/DE/Publikationen/Energie/energieeffizienz-
in-zahlen-2019.pdf?__blob=publicationFile&v=72.

[54] Umweltbundesamt, Energieverbrauch für fossile und erneuerbare
Wärme, 2020. URL: https://www.umweltbundesamt.de/daten/energie/
energieverbrauch-fuer-fossile-erneuerbare-waerme#warmeerzeugung-aus-
erneuerbaren-energien.

[55] Umweltbundesamt, Emissionen des Verkehrs, 2020. URL: https://www.
umweltbundesamt.de/daten/verkehr/emissionen-des-verkehrs, publisher:
Umweltbundesamt.

[56] Bundesregierung, CO2-Emissionen 2019 deutlich gesunken, 2020.
URL: https://www.bundesregierung.de/breg-de/aktuelles/bilanz-
umweltbundesamt-1730880.

[57] Agora Energiewende, Auswirkungen der Corona-Krise auf die Klimabilanz
Deutschlands - Eine Abschätzung der Emissionen 2020, Technical Report,
Agora Energiewende, Berlin, Germany, 2020.

[58] M. Howells, H. Rogner, N. Strachan, C. Heaps, H. Huntington, S. Kypreos,
A. Hughes, S. Silveira, J. DeCarolis, M. Bazillian, A. Roehrl, OSeMOSYS:
The open source energy modeling system: An introduction to its ethos,

28

https://www.bundeskanzlerin.de/bkin-de/aktuelles/rede-von-bundeskanzlerin-merkel-zum-10-petersberger-klimadialog-am-14-mai-2019-in-berlin-1611002#
https://www.bundeskanzlerin.de/bkin-de/aktuelles/rede-von-bundeskanzlerin-merkel-zum-10-petersberger-klimadialog-am-14-mai-2019-in-berlin-1611002#
https://www.bundeskanzlerin.de/bkin-de/aktuelles/rede-von-bundeskanzlerin-merkel-zum-10-petersberger-klimadialog-am-14-mai-2019-in-berlin-1611002#
https://www.bundesregierung.de/resource/blob/975226/1679914/e01d6bd855f09bf05cf7498e06d0a3ff/2019-10-09-klima-massnahmen-data.pdf
https://www.bundesregierung.de/resource/blob/975226/1679914/e01d6bd855f09bf05cf7498e06d0a3ff/2019-10-09-klima-massnahmen-data.pdf
https://www.bundesregierung.de/resource/blob/975226/1679914/e01d6bd855f09bf05cf7498e06d0a3ff/2019-10-09-klima-massnahmen-data.pdf
https://www.wind-energie.de/themen/zahlen-und-fakten/deutschland/
https://www.wind-energie.de/themen/zahlen-und-fakten/deutschland/
https://www.solarbranche.de/ausbau/deutschland/photovoltaik
https://www.solarbranche.de/ausbau/deutschland/photovoltaik
https://energy-charts.info/charts/energy_pie/chart.htm?l=de&c=DE&year=2020&interval=year
https://energy-charts.info/charts/energy_pie/chart.htm?l=de&c=DE&year=2020&interval=year
https://www.bmwi.de/Redaktion/DE/Publikationen/Energie/energieeffizienz-in-zahlen-2019.pdf?__blob=publicationFile&v=72
https://www.bmwi.de/Redaktion/DE/Publikationen/Energie/energieeffizienz-in-zahlen-2019.pdf?__blob=publicationFile&v=72
https://www.bmwi.de/Redaktion/DE/Publikationen/Energie/energieeffizienz-in-zahlen-2019.pdf?__blob=publicationFile&v=72
https://www.umweltbundesamt.de/daten/energie/energieverbrauch-fuer-fossile-erneuerbare-waerme#warmeerzeugung-aus-erneuerbaren-energien
https://www.umweltbundesamt.de/daten/energie/energieverbrauch-fuer-fossile-erneuerbare-waerme#warmeerzeugung-aus-erneuerbaren-energien
https://www.umweltbundesamt.de/daten/energie/energieverbrauch-fuer-fossile-erneuerbare-waerme#warmeerzeugung-aus-erneuerbaren-energien
https://www.umweltbundesamt.de/daten/verkehr/emissionen-des-verkehrs
https://www.umweltbundesamt.de/daten/verkehr/emissionen-des-verkehrs
https://www.bundesregierung.de/breg-de/aktuelles/bilanz-umweltbundesamt-1730880
https://www.bundesregierung.de/breg-de/aktuelles/bilanz-umweltbundesamt-1730880


structure and development, Energy Policy 39 (2011) 5850–5870. URL: http:
//www.sciencedirect.com/science/article/pii/S0301421511004897. doi:10.
1016/j.enpol.2011.06.033.

[59] T. Burandt, B. Xiong, K. Löffler, P.-Y. Oei, Decarbonizing China’s energy
system – Modeling the transformation of the electricity, transportation,
heat, and industrial sectors, Applied Energy 255 (2019) 113820. URL: https:
//linkinghub.elsevier.com/retrieve/pii/S0306261919315077. doi:10.1016/j.
apenergy.2019.113820.

[60] P.-Y. Oei, T. Burandt, K. Hainsch, K. Löffler, C. Kemfert, Lessons from
Modeling 100% Renewable Scenarios Using GENeSYS-MOD, Economics of
Energy & Environmental Policy 9 (2020). URL: http://www.iaee.org/en/
publications/eeeparticle.aspx?id=306. doi:10.5547/2160-5890.9.1.poei.

[61] W.-P. Schill, A. Zerrahn, C. Kemfert, C. v. Hirschhausen, Die Energiewende
wird nicht an Stromspeichern scheitern, DIW aktuell (2018). URL: http:
//hdl.handle.net/10419/181230, place: Berlin Publisher: Deutsches Institut
für Wirtschaftsforschung (DIW).

[62] J. R. Birge, F. Louveaux, Introduction to Stochastic Programming, Springer
series in operations research and financial engineering, 2 ed., Springer, New
York, USA, 2011.

[63] Bundesregierung, Klimaschutzprogramm 2030 der Bundesregierung
zur Umsetzung des Klimaschutzplans 2050, 2019. URL:
https://www.bundesregierung.de/resource/blob/975226/1679914/
e01d6bd855f09bf05cf7498e06d0a3ff/2019-10-09-klima-massnahmen-
data.pdf?download=1.

[64] S. Lorek, J. H. Spangenberg, Energy sufficiency through social innovation in
housing, Energy Policy 126 (2019) 287–294. URL: https://www.sciencedirect.
com/science/article/pii/S0301421518307493. doi:10.1016/j.enpol.2018.
11.026.

[65] E. Toulouse, M. Dû, H. Gorge, L. Semal, Stimulating energy sufficiency:
barriers and opportunities, 2017.

[66] F. Matthes, F. Flachsbarth, C. Loreck, H. Hermann, H. Falken-
berg, V. Cook, Zukunft Stromsystem II, Technical Report, WWF,
2018. URL: https://www.oeko.de/fileadmin/oekodoc/Stromsystem-II-
Regionalisierung-der-erneuerbaren-Stromerzeugung.pdf.

[67] O. Edenhofer, C. Flachsland, M. Kalkuhl, B. Knopf, M. Pahle, Optionen für
eine CO2-Preisreform - MCC-Pik-Expertise für den Sachverständigenrat zur
Begutachtung der gesamtwirtschaftlichen Entwicklung, Technical Report,
MCC, PIK, Berlin and Potsdam, Germany, 2019.

29

http://www.sciencedirect.com/science/article/pii/S0301421511004897
http://www.sciencedirect.com/science/article/pii/S0301421511004897
http://dx.doi.org/10.1016/j.enpol.2011.06.033
http://dx.doi.org/10.1016/j.enpol.2011.06.033
https://linkinghub.elsevier.com/retrieve/pii/S0306261919315077
https://linkinghub.elsevier.com/retrieve/pii/S0306261919315077
http://dx.doi.org/10.1016/j.apenergy.2019.113820
http://dx.doi.org/10.1016/j.apenergy.2019.113820
http://www.iaee.org/en/publications/eeeparticle.aspx?id=306
http://www.iaee.org/en/publications/eeeparticle.aspx?id=306
http://dx.doi.org/10.5547/2160-5890.9.1.poei
http://hdl.handle.net/10419/181230
http://hdl.handle.net/10419/181230
https://www.bundesregierung.de/resource/blob/975226/1679914/e01d6bd855f09bf05cf7498e06d0a3ff/2019-10-09-klima-massnahmen-data.pdf?download=1
https://www.bundesregierung.de/resource/blob/975226/1679914/e01d6bd855f09bf05cf7498e06d0a3ff/2019-10-09-klima-massnahmen-data.pdf?download=1
https://www.bundesregierung.de/resource/blob/975226/1679914/e01d6bd855f09bf05cf7498e06d0a3ff/2019-10-09-klima-massnahmen-data.pdf?download=1
https://www.sciencedirect.com/science/article/pii/S0301421518307493
https://www.sciencedirect.com/science/article/pii/S0301421518307493
http://dx.doi.org/10.1016/j.enpol.2018.11.026
http://dx.doi.org/10.1016/j.enpol.2018.11.026
https://www.oeko.de/fileadmin/oekodoc/Stromsystem-II-Regionalisierung-der-erneuerbaren-Stromerzeugung.pdf
https://www.oeko.de/fileadmin/oekodoc/Stromsystem-II-Regionalisierung-der-erneuerbaren-Stromerzeugung.pdf


[68] S. Bach, N. Isaak, L. Kampfmann, C. Kemfert, N. Wägner, Nachbesserun-
gen beim Klimapaket richtig, aber immer noch unzureichend – CO2-Preise
stärker erhöhen und Klimaprämie einführen, Technical Report 27, DIW
Berlin, Berlin, 2020. URL: https://www.diw.de/de/diw_01.c.739544.
de/publikationen/diw_aktuell/2020_0027/nachbesserungen_beim_
klimapaket_richtig__aber_immer_noch_unz_______co2-preise_
staerker_erhoehen_und_klimapraemie_einfuehren.html.

[69] Deutsche Energie-Agentur, Statistiken und Analysen zur Energieeffizienz
im Gebäudebestand, Technical Report 2019, dena, 2019.

[70] K. Mohn, The gravity of status quo: A review of IEA’s World En-
ergy Outlook, Economics of Energy & Environmental Policy 9 (2020).
URL: http://www.iaee.org/en/publications/eeeparticle.aspx?id=304. doi:10.
5547/2160-5890.8.2.kmoh.

[71] IEA, World Energy Outlook 2020, International Energy Agency, Paris, 2020.
URL: https://doi.org/10.1787/557a761b-en. doi:10.1787/weo-2018-en.

[72] A. Zaharia, M. C. Diaconeasa, L. Brad, G.-R. Lădaru, C. Ioanăs, , Factors
Influencing Energy Consumption in the Context of Sustainable Develop-
ment, Sustainability 11 (2019) 4147. URL: https://www.mdpi.com/2071-
1050/11/15/4147. doi:10.3390/su11154147, number: 15 Publisher: Multi-
disciplinary Digital Publishing Institute.

[73] O. Edenhofer, C. Flachsland, M. Kalkuhl, B. Knopf, M. Pahle, Bewertung
des Klimapakets und nächste Schritte - CO2-Preis, sozialer Ausgleich,
Europa, Monitoring, Technical Report, PIK, MCC, Berlin, Germany, 2019.
URL: https://www.mcc-berlin.net/fileadmin/data/B2.3_Publications/
Working%20Paper/2019_MCC_Bewertung_des_Klimapakets_final.pdf.

[74] F. Ausfelder, F.-D. Drake, B. Erlach, M. Fischedick, H.-M. Henning, C. Kost,
W. Münch, K. Pittel, C. Rehtanz, J. Sauer, K. Schätzler, C. Stephanos,
M. Themann, E. Umbach, K. Wagemann, H.-J. Wagner, U. Wagner, Sek-
torkopplung - Untersuchungen und Überlegungen zur Entwicklung eines
integrierten Energiesystems, Schriftenreihe Energiesysteme der Zukunft,
München, 2017. URL: http://energiesysteme-zukunft.de/fileadmin/user_
upload/Publikationen/pdf/ESYS_Analyse_Sektorkopplung.pdf.

[75] Bundesregierung, Die Nationale Wasserstoffstrategie, Technical Report,
Bundesministerium für Wirtschaft und Energie, Berlin, Germany, 2020.
URL: https://www.bmbf.de/files/die-nationale-wasserstoffstrategie.pdf.

[76] M. Ram, A. Aghahosseini, C. Breyer, Job creation during the global
energy transition towards 100% renewable power system by 2050, Tech-
nological Forecasting and Social Change 151 (2020) 119682. URL: http://
www.sciencedirect.com/science/article/pii/S0040162518314112. doi:https:
//doi.org/10.1016/j.techfore.2019.06.008.

30

https://www.diw.de/de/diw_01.c.739544.de/publikationen/diw_aktuell/2020_0027/nachbesserungen_beim_klimapaket_richtig__aber_immer_noch_unz_______co2-preise_staerker_erhoehen_und_klimapraemie_einfuehren.html
https://www.diw.de/de/diw_01.c.739544.de/publikationen/diw_aktuell/2020_0027/nachbesserungen_beim_klimapaket_richtig__aber_immer_noch_unz_______co2-preise_staerker_erhoehen_und_klimapraemie_einfuehren.html
https://www.diw.de/de/diw_01.c.739544.de/publikationen/diw_aktuell/2020_0027/nachbesserungen_beim_klimapaket_richtig__aber_immer_noch_unz_______co2-preise_staerker_erhoehen_und_klimapraemie_einfuehren.html
https://www.diw.de/de/diw_01.c.739544.de/publikationen/diw_aktuell/2020_0027/nachbesserungen_beim_klimapaket_richtig__aber_immer_noch_unz_______co2-preise_staerker_erhoehen_und_klimapraemie_einfuehren.html
http://www.iaee.org/en/publications/eeeparticle.aspx?id=304
http://dx.doi.org/10.5547/2160-5890.8.2.kmoh
http://dx.doi.org/10.5547/2160-5890.8.2.kmoh
https://doi.org/10.1787/557a761b-en
http://dx.doi.org/10.1787/weo-2018-en
https://www.mdpi.com/2071-1050/11/15/4147
https://www.mdpi.com/2071-1050/11/15/4147
http://dx.doi.org/10.3390/su11154147
https://www.mcc-berlin.net/fileadmin/data/B2.3_Publications/Working%20Paper/2019_MCC_Bewertung_des_Klimapakets_final.pdf
https://www.mcc-berlin.net/fileadmin/data/B2.3_Publications/Working%20Paper/2019_MCC_Bewertung_des_Klimapakets_final.pdf
http://energiesysteme-zukunft.de/fileadmin/user_upload/Publikationen/pdf/ESYS_Analyse_Sektorkopplung.pdf
http://energiesysteme-zukunft.de/fileadmin/user_upload/Publikationen/pdf/ESYS_Analyse_Sektorkopplung.pdf
https://www.bmbf.de/files/die-nationale-wasserstoffstrategie.pdf
http://www.sciencedirect.com/science/article/pii/S0040162518314112
http://www.sciencedirect.com/science/article/pii/S0040162518314112
http://dx.doi.org/https://doi.org/10.1016/j.techfore.2019.06.008
http://dx.doi.org/https://doi.org/10.1016/j.techfore.2019.06.008


[77] H. Brauers, P.-Y. Oei, The political economy of coal in Poland:
Drivers and barriers for a shift away from fossil fuels, Energy Pol-
icy 144 (2020) 111621. URL: https://linkinghub.elsevier.com/retrieve/pii/
S0301421520303578. doi:10.1016/j.enpol.2020.111621.

[78] C. v. Hirschhausen, J. Herold, P.-Y. Oei, How a ‘low carbon’ innovation
can fail – tales from a ‘lost decade’ for carbon capture, transport, and se-
questration (CCTS), Economics of Energy & Environmental Policy 1 (2012)
115–123. URL: https://www.researchgate.net/publication/259998485_
How_a_Low_Carbon_Innovation_Can_Fail--Tales_from_a_Lost_
Decade_for_Carbon_Capture_Transport_and_Sequestration_CCTS.
doi:10.5547/2160-5890.1.2.8.

[79] K. Anderson, G. Peters, The trouble with negative emis-
sions, Science 354 (2016) 182–183. URL: https://science.
sciencemag.org/content/354/6309/182. doi:10.1126/science.aah4567.
arXiv:https://science.sciencemag.org/content/354/6309/182.full.pdf.

[80] M. Wolsink, Undesired reinforcement of harmful ‘self-evident truths’ con-
cerning the implementation of wind power, Energy Policy 48 (2012) 83–
87. URL: http://linkinghub.elsevier.com/retrieve/pii/S0301421512005174.
doi:10.1016/j.enpol.2012.06.010.

[81] C. Gerbaulet, C. Lorenz, dynELMOD: A Dynamic Investment and Dispatch
Model for the Future European Electricity Market, DIW Data Documenta-
tion 88 (2017). Place: Berlin, Germany Publisher: DIW Berlin.

[82] T. Burandt, K. Löffler, K. Hainsch, GENeSYS-MOD v2.0 - Enhancing
the Global Energy System Model, DIW Data Documentation 94 (2018).
URL: https://www.diw.de/documents/publikationen/73/diw_01.c.594273.
de/diw_datadoc_2018-094.pdf.

[83] J. Carlsson, M. d. M. Perez Fortes, G. d. Marco, J. Giuntoli, M. Jakubcionis,
A. Jäger-Waldau, R. Lacal-Arantegui, S. Lazarou, D. Magagna, C. Moles,
B. Sigfusson, A. Spisto, M. Vallei, E. Weidner, European Commission, Joint
Research Centre, Institute for Energy and Transport, SERTIS, Energy
Technology Reference Indicator (ETRI) projections for 2010-2050, Technical
Report, Publications Office of the European Union, Luxembourg, 2014.

[84] K. Löffler, T. Burandt, K. Hainsch, GENeSYS-MOD Germany: Technol-
ogy, demand, and renewable data, 2020. URL: https://zenodo.org/record/
4479058. doi:10.5281/zenodo.4479058.

31

https://linkinghub.elsevier.com/retrieve/pii/S0301421520303578
https://linkinghub.elsevier.com/retrieve/pii/S0301421520303578
http://dx.doi.org/10.1016/j.enpol.2020.111621
https://www.researchgate.net/publication/259998485_How_a_Low_Carbon_Innovation_Can_Fail--Tales_from_a_Lost_Decade_for_Carbon_Capture_Transport_and_Sequestration_CCTS
https://www.researchgate.net/publication/259998485_How_a_Low_Carbon_Innovation_Can_Fail--Tales_from_a_Lost_Decade_for_Carbon_Capture_Transport_and_Sequestration_CCTS
https://www.researchgate.net/publication/259998485_How_a_Low_Carbon_Innovation_Can_Fail--Tales_from_a_Lost_Decade_for_Carbon_Capture_Transport_and_Sequestration_CCTS
http://dx.doi.org/10.5547/2160-5890.1.2.8
https://science.sciencemag.org/content/354/6309/182
https://science.sciencemag.org/content/354/6309/182
http://dx.doi.org/10.1126/science.aah4567
http://arxiv.org/abs/https://science.sciencemag.org/content/354/6309/182.full.pdf
http://linkinghub.elsevier.com/retrieve/pii/S0301421512005174
http://dx.doi.org/10.1016/j.enpol.2012.06.010
https://www.diw.de/documents/publikationen/73/diw_01.c.594273.de/diw_datadoc_2018-094.pdf
https://www.diw.de/documents/publikationen/73/diw_01.c.594273.de/diw_datadoc_2018-094.pdf
https://zenodo.org/record/4479058
https://zenodo.org/record/4479058
http://dx.doi.org/10.5281/zenodo.4479058


Appendix A: Model description

GENeSYS-MOD is a cost-optimizing linear program, focusing on long-term
pathways for the different sectors of the energy system, specifically targeting
emission targets, integration of renewables, and sector-coupling. The model min-
imizes the objective function, which comprises total system costs (encompassing
all costs occurring over the modeled time period) [7, 58].

The GENeSYS-MOD framework consists of multiple blocks of functionality,
that ultimately originate from the OSeMOSYS framework. Figure 11 shows the
underlying block structure of GENeSYS-MOD v2.9, with the additions made in
the current model version (namely the option to compute variable years instead
of the fixed 5-year periods, as well as an employment analysis module, in addition
to the regional data set and the inclusion of axis-tracking PV).

Figure 11: Model structure of the GENeSYS-MOD implementation used in this study.

(Final) Energy demands and weather time series are given exogenously for
each modeled time slice, with the model computing the optimal flows of energy,
and resulting needs for capacity additions and storages.6 Additional demands
through sector-coupling are derived endogenously. Constraints, such as energy
balances (ensuring all demand is met), maximum capacity additions (e.g. to limit
the usable potential of renewables), RES feed-in (e.g. to ensure grid stability),
emission budgets (given either yearly or as a total budget over the modeled

6GENeSYS-MOD offers various storage options: Lithium-ion and redox-flow batteries,
pumped hydro storages, compressed air electricity storages, gas (hydrogen and methane)
storages, and heat storages.
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horizon) are given to ensure proper functionality of the model and yield realistic
results.

The GENeSYS-MOD v2.9 model version used in this paper uses the time
clustering algorithm described in Gerbaulet and Lorenz [81] and Burandt et al.
[59], with every 73rd hour chosen, resulting in 120 time steps per year, representing
6 days with full hourly resolution and yearly characteristics. The years 2017-2050
are modeled in the following sequence: 2017, 2022, 2025, 2030, 2035, 2040, 2045,
2050. All input data is consistent with this time resolution, with all demand
and feed-in data being given as full hourly time series. Since GENeSYS-MOD
does not feature any stochastic features, all modeled time steps are known to
the model at all times. There is no uncertainty about e.g. RES feed-in.

The model allows for investment into all technologies and acts purely eco-
nomical when computing the resulting pathways (while staying true to the given
constraints). It usually assumes the role of a social planner with perfect foresight,
optimizing the total welfare through cost minimization. All fiscal units are
handled in 2015 terms (with amounts in other years being discounted towards
the base year).

For more information on the mathematical side of the model, as well as all
changes between model versions, please consult [58, 7, 82, 59].

Appendix B: Selected input data

This section of the Appendix displays the key financial and technical assump-
tions that have been used for this study. Fore a more detailed description of all
relevant input data, please refer to Burandt et al. [82].
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Regional potentials for utility-scale solar PV, onshore wind, and offshore wind
in GW.

Region Solar PV Wind
Offshore

Wind
Onshore

Total

BB 27.66 0.00 13.00 40.66
BE 4.08 0.00 0.30 4.38
BW 49.89 0.00 23.00 72.89
BY 81.27 0.00 41.00 122.27
HB 1.27 0.00 0.20 1.47
HE 27.34 0.00 14.00 41.34
HH 2.89 0.00 0.30 3.19
MV 20.05 6.55 11.00 37.60
NI 57.22 49.81 26.00 133.03
NRW 61.44 0.00 20.00 81.44
RP 23.83 0.00 12.00 35.83
SH 19.01 28.64 9.00 56.64
SL 4.36 0.00 2.40 6.76
SN 20.62 0.00 10.00 30.62
ST 19.71 0.00 7.40 27.11
TH 15.77 0.00 7.50 23.27
Total 436.40 85.00 197.10 718.50

Source: Bartholdsen et al. [22]
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Capital cost of power generation and transformation technologies in €/kW.

2015 2020 2025 2030 2035 2040 2045 2050
Renewables
PV Utility 1000 580 466 390 337 300 270 246
PV Rooftop [commercial] 1360 907 737 623 542 484 437 397
PV Rooftop [residential] 1360 1169 966 826 725 650 589 537
CSP 3514 3188 2964 2740 2506 2374 2145 2028
Onshore Wind 1250 1150 1060 1000 965 940 915 900
Offshore Wind [shallow] 3080 2580 2580 2580 2330 2080 1935 1790
Offshore Wind [transitional] 3470 2880 2730 2580 2480 2380 2330 2280
Offshore Wind [deep] 4760 4720 4345 3970 3720 3470 3370 3270
Hydro [large] 2200 2200 2200 2200 2200 2200 2200 2200
Hydro [small] 4400 4480 4490 4500 4500 4500 4500 4500
Biomass Power Plant 2890 2620 2495 2370 2260 2150 2050 1950
Biomass CHP 3670 3300 3145 2990 2870 2750 2645 2540
Biomass Power Plant + CCTS 4335 3930 3742 3555 3390 3225 3075 2925
Biomass CHP + CCTS 5505 4950 4717 4485 4305 4125 3967 3810
Geothermal 5250 4970 4720 4470 4245 4020 3815 3610
Ocean 9890 5095 4443 3790 3083 2375 2238 2100
Conventional Power Generation
Gas Power Plant (CCGT) 650 636 621 607 593 579 564 550
Gas CHP (CCGT) 977 977 977 977 977 977 977 977
Oil Power Plant (CCGT) 650 627 604 581 558 535 512 490
Hard coal Power Plant 1600 1600 1600 1600 1600 1600 1600 1600
Hard coal CHP 2030 2030 2030 2030 2030 2030 2030 2030
Lignite Power Plant 1900 1900 1900 1900 1900 1900 1900 1900
Lignite CHP 2030 2030 2030 2030 2030 2030 2030 2030
Nuclear Power Plant 6000 6000 6000 6000 6000 6000 6000 6000
Transformation & Storage
Electrolyzer 800 685 500 380 340 310 280 260
Methanizer 492 421 310 234 208 190 172 160
Fuel Cell 3570 2680 2380 2080 1975 1870 1805 1740
Li-Ion Battery 490 170 155 140 140 140 140 140
Redox-Flow Battery 1240 810 770 730 520 310 310 310
Compressed-Air Energy Storage 600 600 565 530 520 510 480 450

Source: Carlsson et al. [83], Gerbaulet and Lorenz [81], and Ram et al. [9].
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Variable costs for transformation and storage technologies, in M€/PJ.

2015 2020 2025 2030 2035 2040 2045 2050
Electrolyzer 0.33 0.33 0.33 0.33 0.33 0.33 0.33 0.33
Methanizer [synthetic gas] 0.42 0.42 0.42 0.42 0.42 0.42 0.42 0.42
Methanizer [biogas] 1.28 1.28 1.28 1.28 1.28 1.28 1.28 1.28
Fuel Cell 11.11 6.94 6.67 6.39 5.42 4.44 4.44 4.44
Li-Ion Battery 0.72 0.72 0.72 0.72 0.72 0.72 0.72 0.72
Redox-Flow Battery 0.56 0.56 0.56 0.56 0.56 0.56 0.56 0.56
Compressed-Air Energy Storage 0.33 0.33 0.33 0.33 0.33 0.33 0.33 0.33

Source: Carlsson et al. [83].

Input fuel efficiency for common conventional power plants.

2015 2020 2025 2030 2035 2040 2045 2050
CCGT (Natural Gas) 58% 60% 61% 62% 62% 62% 63% 63%
CCGT (Oil) 38% 38% 39% 39% 40% 40% 41% 41%
Hard coal 45% 46% 47% 48% 48% 48% 48% 48%
Lignite 42% 45% 46% 47% 47% 47% 47% 47%
Nuclear 37% 37% 38% 38% 40% 42% 42% 42%

Source: Carlsson et al. [83].

Fuel prices of fossil fuels in M€/PJ.

2015 2020 2025 2030 2035 2040 2045 2050
World Prices
Hard Coal 1.83 2.02 2.00 1.87 1.83 1.79 1.75 1.71
Lignite 1.36 1.36 1.36 1.36 1.36 1.36 1.36 1.36
Natural Gas 5.97 6.11 6.25 6.45 7.00 7.54 8.09 8.74
Uranium 0.82 0.82 0.82 0.82 0.82 0.82 0.82 0.82
Oil 6.99 4.82 7.26 9.64 9.64 9.64 9.64 9.64

Source: World Bank Commodity Price Forecasts 2020.
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Appendix C: German federal states

Table 2: Acronyms for German federal states.

GENeSYS-MOD ISO 3166-2:DE German Federal State
BW DE-BW Baden-Württemberg
BY DE-BY Bavaria
BE DE-BE Berlin
BB DE-BB Brandenburg
HB DE-HB Bremen
HH DE-HH Hamburg
HE DE-HE Hesse
MV DE-MV Mecklenburg-Vorpommern
NI DE-NI Lower Saxony
NRW DE-NW North-Rhine-Westfalia
RP DE-RP Rhineland-Palatinate
SL DE-SL Saarland
SN DE-SN Saxony
ST DE-ST Saxony-Anhalt
SH DE-SH Schleswig-Holstein
TH DE-TH Thuringia

Appendix D: Base case results

Year

2015 2017 2020 2025 2030 2035 2040 2045 2050

0

200

400

600

800

T
W

h

Technology
Solar

Offshore Wind

Onshore Wind

Biogas

Biomass

Other

Hydropower

Nuclear

Natural Gas

Coal

Oil

Figure 12: Power generation per year and technology in the base-case.
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Figure 13: Primary energy demand per year and fuel in the base-case.
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Figure 14: Emissions per sector and year in the base-case.

Appendix E: Supplementary material

The supplementary material to this paper, including input data tables and
additional results can be found at the Zenodo repository ’GENeSYS-MOD
Germany: Technology, demand, and renewable data’ [84].
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